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Exploring Faculty, Student, and Staff Perceptions of Generative AI 1 

through a Civic Learning Project for First-Year Engineering and 2 

Mathematical Sciences Students 3 

 4 

Abstract: This study describes the outcomes of a civic learning project carried out in fall 5 
2024 to engage first year engineering and mathematical sciences students in research on 6 
Campus Use of Artificial Intelligence (AI). The civic learning project was developed in 7 
coordination with four campus partners in information literacy and student success offices. 8 
The aim of the project was to generate a snapshot of attitudes, practices, and student 9 
recommendations that could inform campus policy, investment in generative AI (genAI) 10 
resources, and adoption of a comprehensive AI literacy framework. Nineteen student teams 11 
(44 of 315 first year students) participated in the project, which culminated in a final poster 12 
presentation. The findings and recommendations of the student posters were the primary 13 
artifact in the analysis. A survey deployed in the second week of the semester assessed student 14 
opinions and use of genAI prior to the start of the project. A critical reflection survey was 15 
provided in the final week of the semester to evaluate project learning, peer-to-peer learning, 16 
and if/how the project influenced students’ behaviors or opinions. Survey responses and text 17 
from the Findings and Recommendations of student posters were analyzed using 18 
summative content analysis to quantify the abundance of representative text (codes). Week 19 
2 surveys revealed that 42% of respondents (N = 87) had used genAI for coursework, mostly 20 
for homework assignments, brainstorming, and summarizing complex topics. Of the 21 
students that had used genAI, 43% indicated accuracy as a major limitation, yet 75% said 22 
that genAI was “helpful” due to its time-saving abilities. Student teams interviewed 81 23 
peers, 6 faculty, and 3 staff members. Project findings revealed a range of attitudes toward 24 
genAI, from complete avoidance to active use. Most students had a neutral or positive 25 
perspective on genAI and expected that faculty and staff be AI literate. Student 26 
recommendations focused on the need for clear, fair, and equitable policies and campus-27 
wide AI literacy training. Campus partners identified opportunities and challenges in each 28 
of their areas, and noted specific needs for policy, AI and information literacy training, 29 
peer learning, and faculty development opportunities. Civic learning projects are an 30 
effective way to engage students in meaningful campus-based research on genAI, promote 31 
AI literacy, and influence policies and guidelines that directly impact their educational 32 
experience. We recommend that instructors define the scope of the project as appropriate to 33 
student level and partner needs, and carefully scaffold research and presentation skills to 34 
ensure student success. 35 

Keywords: Civic learning, information literacy, generative AI, academic integrity, 36 
undergraduate education 37 



 

 

Introduction 38 

When ChatGPT became available to the public in late 2022, conversations in education immediately 39 

shifted. Across university campuses, questions and emotions bounced everywhere: fear about increased 40 

academic integrity violations and decreased student motivation, curiosity about the tasks genAI might 41 

be able to complete, enthusiasm for promised efficiencies, and thoughts about how college curricula 42 

might connect with rapidly changing professional expectations. In workshops and in hallways, faculty 43 

were talking about whether and how to now teach in their various disciplines, what makes assignments 44 

meaningful, and how to encourage student motivation with genAI now at our fingertips. 45 

  On our campus, those conversations have continued over time, largely in the absence of any 46 

broad institutional-level response to shifting technologies (although that is changing as we draft this 47 

manuscript). Initially, all stakeholders were left on their own to address the possibilities and effects of 48 

genAI. The Writing in the Disciplines Program and the Center for Student Conduct—responsible, 49 

respectively, for professional development around writing instruction and academic integrity policies 50 

and procedures—were frequently approached by colleagues seeking guidance. Together and separately, 51 

they developed workshops and resource materials; university librarians similarly developed resources. 52 

Faculty conversations about genAI were frequent, with each faculty member making choices about 53 

whether, when, and how to address or incorporate genAI. Students frequently had no direction from 54 

their faculty, which raised questions about whether it was OK for them to experiment with ChatGPT 55 

or whether it was something students should avoid unless specifically invited to use. The Writing Center 56 

developed a guide for student writers and integrated genAI topics into tutor education, but if a student 57 



 

 

wasn’t sure about the policy for genAI use in a class, it was hard for writing tutors to know how to guide 58 

them. Questions only mounted as new forms of genAI became widely available. Arguably all aspects of 59 

university work—teaching, learning, research, administration—suddenly entered a state of flux, and 60 

how we support students, develop as teachers, and adapt our processes needed to change. Each 61 

stakeholder represented here brought considerable expertise and wondered whether and how to exercise 62 

that expertise in such an unstructured environment. 63 

 In response to this uncertainty, several AI literacy (AI-L) frameworks have been developed and 64 

adopted as campuses come up to speed on the uses, limitations, and opportunities to engage with the 65 

technology. In their 2022 scoping review, Laupichler et al. found that although AI-L was not precisely 66 

defined, many studies used Long & Magerko’s definition: “a set of competencies that enables individuals 67 

to critically evaluate AI technologies, communicate and collaborate effectively with AI, and use AI as a tool 68 

online, at home, and in the workplace” (Long & Magerko, 2020). Laupichler et al. (2022) called for the 69 

identification of desired AI skills, examination of existing educational frameworks, and to define, 70 

distinguish, and determine the relationship of AI-L to other literacy concepts. Anders (2023) proposed 71 

four AI-L domains: (1) applications - awareness of how AI is being used; (2) "capability" - how AIs 72 

function, their limitations, the risks of overreliance; (3) "knowledge" - uses and abuses; (4) critical 73 

thinking - awareness of limitations, techniques for evaluation, and ethics issues. Yuan et al. (2024) 74 

describe the overlap between AI-L and information literacy, media literacy, and data literacy, but assert 75 

the need for its own framework that goes beyond technical knowledge and the educational context to 76 

serve as a “universal AI literacy for average users” (p. 1460), while Stolpe and Hallström (2024) argue for 77 



 

 

more attention to technical knowledge like programming. The framework proposed by Yuan et al. 78 

(2024) includes three dimensions: "(1) individual level (cognitive dimensions): AI features, AI 79 

processing, algorithm influences; (2) interactive level (behavioral dimensions): user efficacy; (3) 80 

sociocultural level (normative dimensions): ethical consideration and threat appraisal." (p. 1474). 81 

Hervieux et al. (2024) interviewed Librarian developers of AI-L interventions, some of whom drew on 82 

the Association of Colleges and Research Libraries (ACRL) Framework for Information Literacy as a 83 

template as a good start. Annapureddy et al. (2025) offer a useful 12-skill competency model as a 84 

template for educational institutions which is grounded in the need for government bodies to make 85 

informed decisions about uses and adoption while also preparing a literate workforce to identify and 86 

mitigate potential risks. Stanford’s well-organized and practical AI-L framework is designed for 87 

educators and students and proposes four domains: functional, ethical, rhetorical, pedagogical, with 88 

scaffolded competencies and illustrations of the wide array of activities appropriate for developing AI-L 89 

skills (Stanford University Teaching).  90 

 In addition to exploring potential AI-L frameworks for our institution, we looked to emerging 91 

research on learner perceptions and needs, given that all stakeholders in this project focus on supporting 92 

students in different ways. There was, unsurprisingly, great variation in what studies reported about 93 

learner behaviors and attitudes. Student uptake of genAI tools happened rapidly (Bikanga Ada, 2024; 94 

Ogunleye et al., 2024) with students generally recognizing that AI simultaneously offers potential 95 

efficiency as well as inaccuracy. Overall, learners report positive perceptions (Lozano & Blanco Fontao, 96 

2023; Sánchez-Ruiz et al., 2023). Mohandas & Mentzner’s (2024) qualitative approach to 97 



 

 

understanding student perspectives revealed that students valued AI for its ability to provide assistance 98 

with clarifying concepts, improving the quality of projects, and searching for information. Both 99 

Mohandas & Mentzner and Ogunleye et al. found awareness of limitations of genAI and a desire for 100 

genAI to enhance work without cheating.  101 

While this research is revealing of student perspectives and needs, it was important for us to 102 

understand how students, faculty, and staff were interacting with and experiencing genAI on our 103 

campus, to inform the selection of a specific AI-L framework and investment in related campus 104 

resources. We conceived of a course project that would engage students in this research using a service-105 

learning model of reciprocal student and community partner engagement. Service-learning is considered 106 

a high impact educational practice as it engages students in meaningful, real-world projects in service to 107 

a community partner or organization (Jacoby, 2014). Civic learning is the designation given to campus-108 

based service-learning courses at the authors’ institution and is therefore the language we will use in this 109 

case study.  110 

The goals for the project were multi-layered (Figure 1). At the core was the question of how 111 

campus stakeholders were interacting with genAI, their perceptions of genAI, and perceived resource 112 

and support needs in fall 2024 (Question). As we were acutely interested in student perspectives and how 113 

they might inform our work, a civic learning project was embedded in a first-year course taught by the 114 

first author (Approach). For the project, student teams were to (1) conduct meaningful campus-based 115 

research using interviews and basic qualitative methods, (2) improve their own AI literacy through 116 

online modules and resources identified for the project, and (3) present their findings and 117 



 

 

recommendations to the campus partners during a final poster presentation session (Educational 118 

Outcomes). We leveraged student surveys and the findings and recommendations from student posters 119 

to identify patterns of genAI use, perceptions, and needs among students, faculty, and staff in fall 2024 120 

(Research Outcomes). Students and campus partners were asked to reflect on their experience and 121 

learning throughout the project (Campus Impact). These reflections provided insight to the impact that 122 

the project had on first year students (learning, perceptions, behaviors) and the campus partners 123 

(opportunities, challenges, actions for their departments). Below we share our learning from this project 124 

and recommendations for how similar projects could be implemented elsewhere. 125 

 126 

Figure 1. Project layers described in the case study, beginning with the initial question 127 
through to impacts on the students and campus partners that participated in the civic 128 
learning project.  129 

Approach 130 

Institutional Context 131 



 

 

This study was conducted at a public Land Grant research university in the north-eastern United States 132 

with approximately 12,000 undergraduate students and approximately 2,000 graduate students spread 133 

across seven colleges. The College that hosts the first-year course in this study enrolled approximately 134 

1500 undergraduate students in Fall 2024 and offers majors in engineering, physics, computer science, 135 

data science, mathematics, and statistics.  136 

Civic Learning Project 137 

In fall 2024, 315 first-time-first-year students joined the College and were enrolled in a required, one-138 

credit first year seminar. The first-year seminar equips new students with key skills, information, and 139 

resources to support their academic and professional success (Giles, 2023). The course consists of several 140 

modules to support health and well-being, academic integrity and success, career preparation, and 141 

experiential learning. The course carries a civic-learning designation, meaning students are required to 142 

work on a campus-based project that promotes community engagement and service. The primary 143 

instructor (first author) solicits projects and works with campus partners to develop guidelines and 144 

criteria for three to five projects each year, which students choose from. In fall 2024, the project options 145 

included “Design of a New Student Maker Space” for the college’s Deans Office, “Campus Recycling 146 

Jeopardy Game” for the campus Recycling and Zero Waste Program, and “Campus Use of Artificial 147 

Intelligence.” The campus AI project was developed in coordination with partners from multiple 148 

campus literacy and academic success organizations (authors 2, 3, 5, 6), namely Writing in the 149 

Disciplines, the Center for Student Conduct, the Undergraduate Writing Center, and the Libraries. Of 150 

the 315 FTFY students enrolled in the course, 44 students (19 teams) chose the campus AI project, 151 



 

 

which required students to interview peers, faculty, or staff and learn about genAI usage habits (which 152 

tools, how frequently, for what purpose) and perceived benefits and limitations of using genAI. Student 153 

teams that chose to interview peers were asked to complete at least five interviews, whereas student teams 154 

that focused on faculty or staff only needed to conduct three interviews. The project was scaffolded 155 

through a series of class sessions and assignments (Table 1). Additionally, special guidance was developed 156 

for students on how to choose a campus group (students, faculty, or staff), develop interview questions, 157 

schedule and conduct interviews, generate and analyze interview transcripts, summarize interview 158 

findings (Appendix 1), and present their Findings and Recommendations in poster format during the 159 

final presentation event. 160 

Table 1. Intermediate project assignments and learning outcomes in the first-year, civic-161 
learning course for engineering and mathematical sciences students. 162 

Assignment  Learning Outcomes 
Team Contract Establish team goals; Reflect on team member assets / growth 

opportunities; Identify team member roles 

Project Problem Statement Develop a problem statement that describes the needs / challenges of 
the user (campus partner) and focuses the team on a specific question 
related to campus use of genAI 

Project Research and 
Bibliography 

Gather references relevant to project research;  
Compile bibliography and citations in APA style 

Poster Presentation Draft 
and Interview Data Upload 

Conduct interviews, prepare transcripts, and summarize findings; 
Communicate team problem statement, project background (citing 
research sources), ideas explored, findings, and recommendations 

Final Presentation Present project research, findings and recommendations to college 
community and project partners 

End-of-Semester Critical 
Reflection 

Reflect on one’s own learning, learning from peers, and how the 
project will influence beliefs and behaviors moving forward 

 163 

Data Collection 164 



 

 

According to the policy defining activities which constitute research at the authors’ institution, this work 165 

met criteria for a project that does not require review by the institutional review board (IRB Educational 166 

Exempt). The final poster presentation files containing Findings and Recommendations from the 167 

student teams were the primary artifact in this analysis. We used the deidentified poster data to evaluate 168 

students’ project research and to generate a snapshot of attitudes and practices on our campus at the 169 

time of the study. Two additional surveys were deployed to students, one in the second week of the 170 

semester (Week 2 Survey) and the second in the last week of the semester, after final presentations were 171 

complete (End-of-Semester Survey). For the purpose of this study, we use what we learned from these 172 

surveys to frame our interpretation of the student projects and how engagement in the civic learning 173 

project contributed to students’ learning and perspectives on genAI over the course of the first semester. 174 

The Week 2 Survey consisted of 12-20 anonymous questions, depending on how students responded 175 

(Appendix 2). The survey questions pertained to genAI use in coursework, benefits, limitations, 176 

impacts to learning, and guidance received. The survey was inspired by a study by Mohandas and 177 

Mentzer (2024), which contained 11 original items. A subset of the questions were selected for this 178 

analysis based on the relevant themes identified in the students’ poster presentations. An End-of-179 

Semester Survey was also deployed in the final week of the semester and asked students to reflect on their 180 

entire first semester of college as well as the project. Three items pertaining to the project experience were 181 

analyzed, including (1) the most important thing they learned over the course of the project, (2) the most 182 

important thing they learned from their peers’ projects, and (3) whether they think the project 183 

experience will influence their future behaviors or beliefs. 184 



 

 

Data Analysis 185 

The Findings and Recommendations sections of the student posters were analyzed using summative 186 

content analysis (Hsieh & Shannon, 2005), a semi-quantitative method for determining the abundance 187 

of certain types of responses or characteristic text (codes). A subset of text from the Findings and 188 

Recommendations sections was first reviewed by a single research team member to identify preliminary, 189 

primary codes for the analysis. Two members of the research team then independently reviewed all 190 

findings and recommendations text, noting where primary codes were present, and developing and 191 

revising these codes until consensus was reached. The finalized primary codes were then evaluated by 192 

two new researchers to further identify and refine sub-codes within each primary category. The sub-193 

codes were identified to provide more granularity to the type of information honed from the primary 194 

categories. For example, under “AI Use” (primary), the sub-codes describe frequency of use, types of 195 

tools used, how they are used, etc. The total count of codes and sub-codes was determined to assess the 196 

relative abundance of specific findings and recommendations from students. Additionally, the 197 

bibliography sections of the posters were evaluated to determine the quantity, type, and purpose of the 198 

references cited. Since the project was concerned with student use of genAI, we also checked to see 199 

whether the references cited were legitimate or hallucinated. 200 

As for the poster analysis, summative content analysis was used to analyze open-ended question 201 

responses in both surveys. For a given question, preliminary codes were defined by a first team member 202 

and then two members independently refined and assigned codes for all question responses. Coding by 203 

the two team members was compared and differences discussed until consensus was reached. The 204 



 

 

finalized primary codes and assignments were then reviewed and refined by a third team member. This 205 

process was repeated for all survey questions. In contrast to the poster analysis, only primary codes were 206 

identified and quantified. 207 

Project partners and the instructor met monthly throughout the academic year (~8 times). In 208 

addition to co-developing the project, project partners led class sessions on AI literacy, academic 209 

integrity, research approaches, writing and library resources; attended the final poster presentations; 210 

contributed to the review and analysis of poster and survey data, and the writing of this report. Following 211 

completion of the poster analysis, partners were asked to select specific codes or sub-codes that related to 212 

their work, review the associated poster text, and develop written reflections. Specifically, project 213 

partners were asked to reflect on (1) the merit and practicality of the student recommendations, (2) any 214 

opportunities or challenges identified throughout the project, (3) any new questions that arose for them 215 

by being involved in the project, and (4) if / how the project influenced their plans for programming 216 

needs moving forward. As the project partners are also co-authors, these reflections are embedded in the 217 

discussion section of this report. 218 

Results 219 

First Year Student Perspectives on Generative AI 220 

In the second week of the fall 2024 semester, 209 students (66% of first-year class) responded to the 221 

optional, anonymous survey on genAI use and perceptions. Forty-two percent of respondents (N = 87) 222 

indicated that they had used ChatGPT or other AI tools for coursework. When asked about the 223 

frequency of use, 58% indicated that they used these tools rarely, 22% occasionally, and 20% frequently 224 



 

 

or always. The specific tasks or assignments in which students had used genAI for coursework included 225 

homework (54%), idea generation, studying, and self-teaching, among others (Figure 2). Approximately 226 

half of comments related to homework were general and the other half were evenly split between 227 

homework for humanities or STEM courses specifically.  228 

When asked if they had noticed any limitations or challenges to using ChatGPT or other AI 229 

tools for coursework, students noted a range of limitations with accuracy of outputs (43%) being the 230 

most frequent concern identified (Figure 2). Only one student commented on the potential biases 231 

introduced by genAI and 13 students (12%) indicated that there were no limitations for using it in 232 

coursework.  233 

 234 

Figure 2. Student use of genAI tools for coursework at the beginning of the first semester of college. 235 
Legend labels listed from most to least abundant. 236 

Despite these perceived limitations, 75% of students that had used genAI for coursework (N = 237 

65) indicated that they had found it helpful. Among these, speed and efficiency (35%), studying / self-238 



 

 

teaching (33%), generating ideas for assignments or finding answers (26%), and summarizing (7%) were 239 

the main reasons cited. Selected quotes can be found in Appendix 3 (Table A3.1, Topic 1). 240 

When asked how their experience with genAI tools had impacted their learning, only ten 241 

students indicated any negative impacts. Negative impacts included overreliance on genAI, getting an 242 

answer without thinking critically or understanding the meaning of the output, and derailing learning 243 

due to inaccurate or misleading information. One student also noted a loss of motivation to complete 244 

their work without genAI, knowing that other students could be taking short-cuts that afford them a 245 

better grade with less effort: “I haven’t found it to impact my learning, it only makes me think what if I 246 

work really hard on a paper and some other kid can just pop a question into AI and get the same grade.”  247 

Overall, we find the results of the Week 2 Survey to mean that students had a generally positive 248 

outlook on genAI at the beginning of the semester and a cursory awareness of ethical issues, accuracy 249 

concerns, and potential negative impacts to learning. Students found genAI helpful for coursework, 250 

despite an awareness of these limitations, and nearly half of the students surveyed had already used it. 251 

Guidance from instructors was limited for the students that responded. However, given their limited 252 

experience with genAI and willingness to receive more guidance and training, AI literacy interventions 253 

could be particularly impactful at this early stage of college student development.   254 

Civic-learning Project  255 

In total, 19 teams (44 students) chose to work on the civic learning project related to campus use of AI 256 

resulting in 90 campus interviews. Of these, 16 teams interviewed peers (81 interviews), two teams 257 

interviewed faculty (six interviews), and one team interviewed staff (three interviews). While the teams 258 



 

 

were comprised of first-year students in engineering and mathematical sciences, several teams 259 

interviewed peers in other majors and years of study.  260 

A total of 523 codes were generated pertaining to the primary categories shown in Figure 3. 261 

Within each category, several sub-codes were identified (Table 2). There were 88 poster sentences or 262 

bullet points coded from Findings and 97 coded from the Recommendations section of the student 263 

posters. Team Findings were largely related to how those interviewed used and perceived genAI, 264 

whereas Recommendations included codes related to training and guidance, development of campus 265 

policies, and academic integrity concerns (Figure 3). Students cited a total of 61 references in their 266 

posters, which included a range of reference types and purposes as described below.  267 

 268 

Figure 3. Primary categories and counts of qualitative codes identified in the findings and 269 
recommendations sections of first year student posters. 270 
 271 
Student Findings 272 



 

 

“Use of AI” pertains to frequency and extent of AI use, specific type of academic and non-academic uses, 273 

and the emerging ubiquity of AI (Table 2). Use of AI was a prominent theme throughout the 274 

presentations, both in the Findings and Recommendations. Eight teams reported interview responses 275 

pertaining to frequency of AI use. With the exception of one team, students indicated that their peers 276 

had used AI anywhere from once to a few times per week and primarily in relation to coursework. There 277 

was no indication that the faculty interviewed (N = 6) had used AI tools themselves for teaching or other 278 

purposes, whereas the summary of staff interviews indicated they  “…often use AI to support them through 279 

menial tasks (e.g., summarizing meeting notes, source identification, etc.) and resume creation.”  280 

The academic uses reported in the team Findings included use of genAI for supplemental 281 

instruction and tutoring, spelling and grammar checks, summarizing reading, brainstorming, generating 282 

outlines, compiling sources for research, “predigestion” of complex ideas, problem-solving approaches, 283 

and proofing written work, which were more varied than the uses identified in the Week 2 Survey 284 

(Figure 2), possibly due to the inclusion of other majors and years of study in the interviews. There were 285 

several comments pertaining to non-academic uses by students, such as for career preparation and 286 

general creativity (Table 2). A minor, but notable, sub-code identified in the posters was the 287 

acknowledgement of the growing ubiquity and persistence of genAI tools in education and in the 288 

workplace, as indicated by comments such as “…all touched on the importance of understanding AI 289 

because ‘it will never go away’ ” and “It is clear that AI is not going away anytime soon.” 290 

“Training and Guidance” pertains to AI literacy for students and faculty, student expectations 291 

of faculty, and campus roles, resources, and guidance. This was the second most common theme in the 292 



 

 

presentations (Figure 2). There were limited Findings in this category, however several teams reported 293 

a lack of awareness by their peers of campus AI resources as well as a lack of instruction on proper use of 294 

AI within the classes they had taken: “Through our interviews we found that, in general, the biggest barrier 295 

for proper use of AI among students is a lack of education on both the risks of using AI, and, when applicable, 296 

how to use it correctly and ethically.” Only three teams reported the need for AI literacy for faculty in 297 

Findings, with the majority of those comments originating from the two teams that chose to interview 298 

faculty.  299 

“AI & Policy” pertains to student perceptions of existing policies and resources, the enforcement 300 

of AI policies, the assessment of policies, and guidelines at the course, department, and university levels 301 

(Table 2). Student comments related to AI & Policy were evenly split between Findings (48%) and 302 

Recommendations (52%). In Findings, students reported that their peers had received limited to no 303 

guidance in courses or more broadly at the university, with one team stating: “The students interviewed 304 

agreed that the majority of their professors did not go into great detail about their policies. Students 305 

mentioned some professors stated AI was not to be used to cheat on assignments, but did not elaborate further 306 

on the policy. It was also said that some professors directly oppose any use of AI, while others allow it in certain 307 

instances.”  308 

“Perception of AI” pertains to an awareness of broader societal perspectives of genAI, reliability, 309 

and student, faculty, and staff perspectives as gleaned from the interviews (Table 2). Perception of AI 310 

was the most abundant sub-code in the poster Findings (32%) as would be expected from an interview-311 

based project. Perceptions were mostly positive or neutral when pertaining to genAI use for learning 312 



 

 

(See also “Impacts to Learning,” below). Teams also described perceptions of reliability, including 313 

students’ concerns about the accuracy of results and the quality of work generated with genAI: “Don’t 314 

base your whole knowledge bank off AI as it’s often inaccurate. AI has drawbacks when used to find answers 315 

for graded assignments or specific details of complex issues.” Among the staff interviewed, perspectives of 316 

genAI were also positive, noting the benefits of using it for menial tasks (summarizing meeting notes, 317 

source identification, etc.) and no concerns related to work quality or accuracy. Perspectives among the 318 

six faculty interviewed ranged from concerned to positive. The concerns raised included the “threat that 319 

AI poses to students critical and original thinking,” counterproductive uses of genAI, and a belief that “it 320 

makes students lazy and gives them an easy way to cheat.” In contrast, one faculty member encouraged 321 

students to use it: “You should find out every possible way to use it and abuse it…I can’t imagine a student 322 

going on to something after [college] and not having used AI.”  323 

“Academic Integrity” pertains to academic dishonesty, cheating, plagiarism, ethical use, or other 324 

uses of genAI for “nefarious purposes” (Table 2). Though the absolute abundance of Academic 325 

Integrity codes was small (n = 22 or 9% of all sub-codes) it is worth noting that every student presentation 326 

addressed it. Academic integrity codes coincided with every other code category throughout the analysis, 327 

indicating that students were associating and communicating academic integrity concerns independent 328 

of what their final recommendations were and, in some cases, to justify their final recommendations: “If 329 

the proposed solution were to be implemented, students, faculty, and other community members would have 330 

the knowledge to benefit from its many capabilities without the concern of unethical or improper use.” 331 



 

 

“Impact on Learning” pertains to any mention of how genAI influences the learning process, 332 

whether those effects are perceived as negative, neutral, or positive (Table 2). Negative impacts included 333 

disruptions to the learning process, critical thinking, or cheating. Positive impacts included 334 

enhancement of and support for learning, often qualified with the need for training on proper use. Ten 335 

of 19 teams commented on impacts to learning (n = 22 codes), which were positive or neutral across the 336 

Findings and Recommendation sections. Where concerns for negative impacts were mentioned, it was 337 

typically associated with academic integrity (Appendix 3 Table A3.1, Topic 2).  338 

Table 2. Primary and secondary (subcode) themes identified in the findings and 339 
recommendation sections of first year student posters. Codes ordered from greatest to least 340 
abundant. 341 

Code Subcode Findings Recom. Total 
Use of AI Total of Subcodes 86 61 147 
  AI & Academic Use (General) 41 37 78 
  AI & Tutoring 12 7 19 
  AI Non-Academic / Other Uses 8 10 18 
  Frequency / Extent of Use 10 3 13 
  AI & Homework and Assignments 12 1 13 
  Ubiquity of AI tools 3 3 6 
  AI & In-Class Use 0 2 2 
 
Training and 
Guidance Total of Subcodes 22 114 136 
  AI Literacy for Students 14 43 57 
  Student Expectations of Faculty 3 29 32 
  Campus Roles, Resources, & Guidance 2 30 32 
  AI Literacy for Faculty & Staff 3 12 15 
     
AI & Policy Total of Subcodes 27 66 93 
  Course-Level Guidelines or Policy 11 27 38 
  University-Level Guidelines or Policy 11 23 34 
  AI Policy Enforcement 2 10 12 



 

 

  Department Level Guidelines 3 4 7 
  Assessment of new policies/guidelines 0 2 2 
 
Perceptions of AI Total of Subcodes 56 21 77 
  Student Perceptions of AI 28 8 36 
  Perception of AI as Reliable/Authority 11 5 16 
  Instructor perspectives AI 8 1 9 

  
Student Percep. Existing Policy / 
Resources 5 4 9 

  Staff perspectives AI 3 1 4 
  Societal Perceptions of AI 1 2 3 
 
Academic Integrity Total of Code 17 29 46 
 
Impact on Learning Total of Subcodes 13 9 23 
  Positive 8 4 12 
  Negative 0 4 4 
  Neutral 5 1 6 

 342 

Student Recommendations 343 

The majority of student recommendations were related to Training and Guidance (n = 114) and AI & 344 

Policy (n = 66; Table 2) and are summarized in Table 3. Students recommended more comprehensive 345 

and systematic AI literacy opportunities for all stakeholders on campus. Several teams indicated that this 346 

training and guidance might come from existing offices (campus partners) or need to be created anew. 347 

Teams also expressed certain expectations of faculty to become, or already be, literate in the use of genAI, 348 

both for applications in their field and for guiding student use of genAI in the classroom (Table 3).  349 

Recommendations related to AI & Policy varied in regards to where policies and guidance 350 

should originate. Teams recommended AI policies be implemented at the course- (27%), university- 351 

(24%), department or college-level (4%). For course-level guidance, teams recommended that instructors 352 



 

 

(1) provide clear, course-specific guidance on genAI use (for example in syllabi), (2) train students on 353 

how to properly use genAI (as appropriate to the course), (3) prohibit genAI use for exams and quizzes 354 

or return to a “traditional testing environment”, (4) discuss when it is and isn’t appropriate to use genAI, 355 

and to clarify consequences. One group provided a specific example: “… that teachers work with their 356 

students to create clear guidelines to AI usage. For example: Generative AI may be used as a teaching 357 

assistant. AI cannot be used to complete assignments that are to be submitted. If AI is used as a source it 358 

must be cited properly. If there are unclear expectations, please see professor outside of class before 359 

continuing.”   360 

Teams that focused recommendations at the university and department/college-level indicated 361 

that guidance should be widespread and accessible, centered on AI literacy, balanced to consider both 362 

benefits and limitations to learning, and integrated with existing university systems. Specific mechanisms 363 

that students recommended for implementing guidance and training included: mandatory online 364 

modules, general education courses, and a dedicated area for AI policy information on the university’s 365 

learning management system (Table 3). Teams also noted the possibility of differentiating guidance by 366 

college and “conducting ongoing feedback surveys to evaluate the effectiveness of AI policies and tools across 367 

campus.”  368 

Table 3. Student recommendations related to AI training, policy, guidance, and 369 
implementation resulting from the civic learning project. 370 

 Training, Policy, Guidance Implementation 
 
AI Literacy 
for Students 

Topics 
• Proper use (prompt engineering, 

evaluating results, learning aids) 

Formats & Considerations 
• Mandatory learning modules  
• New general education course 
• “AI Literacy” tab in LMS 



 

 

• Limitations (ethical issues, 
accuracy, bias) 

• Impacts to learning 
• Specific considerations by 

discipline / career interest 
• Academic integrity / current 

policies 
 

• Train early, reinforce in all years 
• Widespread and accessible 
• Trainings developed in 

consultation with faculty and 
staff 
 

Expectations 
of University 
/ School 

• Require each college to have 
clearly outlined policy on genAI 
use for coursework 

• Support professional 
development/ AI literacy training 
for the campus community 

• Establish AI support center 

• Campus partners host 
workshops; Specialize by college / 
department 

• Staff / Librarian dedicated to 
genAI literacy 

• Campus-wide events and 
campaigns 
 

Expectations 
of Instructors 

• Be/come literate in genAI use in 
the discipline 

• Provide policy on genAI for every 
course; Follow-through 

• Coordinate policies with other 
faculty  

• Clarify proper / improper use and 
citation strategies  

• Communicate consequence 

• Professional development 
workshops / trainings 

• Policies in syllabus / LMS 
• Consistent policies by 

department / school 
• Frequent reminders / discussions 

in class 
• Check for AI misuse / plagiarism 

in student work 
 371 

Analysis of References Cited 372 

References were gathered from a set of 18 posters, of which 17 presented at least one in-text or 373 

bibliographic reference. There were 61 references in total (3.4 per poster), of which three could not be 374 

traced due to issues accessing students’ supplemental materials. There was a significant range of types of 375 

information: 14 categories, including academic, scholarly, government, business, and technology 376 

(Figure 4). The most-frequent types of publication were learning materials (class slides, class 377 

presentations, library study guide, etc; n = 14); blog posts (n = 12); and interviews (n = 8). The 378 



 

 

assignment required students to acknowledge any use of genAI in their work. None of the posters had 379 

an acknowledgement of this kind. References were verified to determine whether any were hallucinated 380 

or inauthentic and all were found to be authentic.  381 

The apparent purpose of each in-text citation was coded (N = 86, 4.8 per poster; Figure 4). The 382 

most-common purposes identified were: “AI Problems, Benefits, Debate” (n = 23); “AI Policies” 383 

including statements related to the presence, absence, or content of institutional-level policies (n = 16); 384 

“Project Challenge” (n = 11) pertaining to the project statement, goals, and requirements; “Interview 385 

transcripts” (n = 8); “Facts and Figures” (n = 7) relaying basic factual information about genAI; “AI in 386 

Education” (n = 6) related to genAI impacts to education or educational approaches to using genAI.  387 

 388 

Figure 4. Primary categories and counts of reference types and reference purpose in student 389 
poster citations. 390 



 

 

Overall, teams did well with their citations, especially considering that these were first-year – and 391 

first-semester - students. Only one team did not include any citations. Most teams presented their in-text 392 

and bibliographic references appropriately, though a small number presented only in-text citations 393 

without bibliographic references or bibliographic references without in-text citations. Only three of 64 394 

citations could not be traced.  395 

The low numbers for scholarly publications such as journal articles and books, plus the more 396 

common usage of shorter texts like blog posts and institutional webpages, suggests most teams’ 397 

background research on AI was limited in scope and depth. This conclusion is compounded by the fact 398 

that two posters cited scholarly works in support of basic statements. This suggests these works were not 399 

read in depth or possibly at all. At the same time, it can be said that at least these teams were aware of the 400 

appropriateness of citing authoritative sources. Teams’ information-seeking fit with common trends of 401 

first-year students using sources they already know or find easily through general web searches. This may 402 

be due to unfamiliarity with academic libraries and their collections (Head, 2013), or to convenience and 403 

“satisficing” with basic resources (Connaway et al., 2011). The assignment had not directed students to 404 

use particular publications or particular types of publication. For similar assignments, instructors might 405 

consider providing more guidance about the type of source information that is appropriate, or even 406 

providing a curated set of readings. 407 

The most common codes identified when evaluating the purpose of each citation were negative 408 

aspects related to problems with genAI use and policy, which almost always related to the perceived 409 

absence of campus policies. This may be unsurprising, given that many teams framed their research 410 



 

 

around a stated problem of a lack of policy. Even so, it may be notable how infrequently posters 411 

addressed the opportunities and benefits presented by genAI (n = 3). Citations to information relating 412 

to institutional policies (n = 12) were more frequent than citations to information relating to instructor 413 

policy (n = 4). This appears to reinforce the conclusion that students were most conscious of the absence 414 

of policies at the campus level. 415 

End-of-Semester Student Reflections on Learning 416 

Students reflected on their project experience by answering three questions related to project 417 

learning, peer learning, and if they thought the project would influence their future beliefs or behaviors. 418 

Forty-two of 44 students that worked on the campus AI project responded. When asked about the most 419 

important thing they learned, the most common responses were related to their experience working on 420 

a team, changes to their perspectives or use of genAI, and awareness of policies, rules, and guidance 421 

(Figure 5). Students also mentioned learning about new research methods and campus resources that 422 

they weren’t previously aware of. Teamwork was the most frequently mentioned component of project 423 

learning followed by others’ Perspectives of AI and Use of AI, in which students reflected on how their 424 

peers are or are not using it (Figure 5; Appendix 3 Table A3.1, Topic 3). The reflection on teamwork 425 

is not surprising given the focus on team design, team member roles, management, and evaluation 426 

throughout the course. Students noted different aspects of teamwork including the importance of 427 

communication with teammates, effective ways to split up work, strategies and challenges of navigating 428 

group dynamics, personal areas for improvement in future projects, and the value of sharing ideas 429 

(Appendix 3 Table A3.1, Topic 3). Six students wrote about the analytical and research methods that 430 



 

 

they learned throughout the project, including the value of “good background information”, how to 431 

conduct interviews, analyze interview data, draw conclusions, and present findings (Appendix 3 Table 432 

A3.1, Topic 3).  433 

 434 

Figure 5. Student responses to end-of-semester critical reflection survey on how their 435 
involvement in the “Campus Use of AI” civic-learning project influenced future behaviors / 436 
beliefs and learning (N = 42 students).  437 

Students were also asked to reflect on the most important things that they learned from their 438 

peers’ poster presentations. Students shared what they learned from peers working on the two other 439 

project options (n = 9) and what they learned from their peers on effective poster organization and 440 

presentation (n = 9). The greatest peer learning however was related to peer perspectives, frequency, and 441 

use of genAI (n = 20). Concerning genAI, some students acknowledged that there is “a lot of work to 442 

do,” that “AI isn’t going away any time soon,” and that defining and implementing a single policy will be 443 

challenging, considering the breadth of subjects taught at the university (Appendix 3, Table A3.1, 444 

Topic 4). 445 



 

 

The final question in the end-of-semester reflection asked students if they thought that 446 

working on the project would influence future behavior or opinions. Thirty students indicated that the 447 

project would result in at least one change, with several students listing multiple changes. Of these, 448 

sixteen students said that the project would influence their approach to working in teams, project 449 

ideation, and presentations in future courses (Figure 5). Twenty-one students commented on changes 450 

related to genAI, including personal use, opinions, desire for training, and willingness to respond to 451 

campus guidelines. Changes of opinion ranged from being more skeptical to being more optimistic 452 

about using genAI after the project. The skeptics noted problems with the quality of information 453 

(hallucinations), limitations for specific uses such as brainstorming, and concerns about cheating. The 454 

optimists noted opportunities to use genAI as “a positive tool to help me study” and a “useful resource.” 455 

Notably, the students that planned to use genAI in new ways or more frequently indicated a need to do 456 

so more cautiously (Appendix 3 Table A3.1, Topic 5).  457 

Regarding campus guidelines, four students shared the need for guidelines or willingness to 458 

follow guidelines: “Yes, I'd love to adopt policy implemented by my professors regarding the use of AI. I 459 

believe that if professors can become educated on how to best use AI in their classes, I will gladly follow 460 

their personal rules and guidelines.” Twelve students indicated that the project did not influence their 461 

behaviors or opinions. Of these, six indicated not changing the way they use genAI due to prior 462 

learning and experience with AI tools (Appendix 3 Table A3.1, Topic 5). 463 

Discussion 464 

Partner reflections  465 



 

 

Following the coding of student posters, each partner was asked to review codes pertaining to their area 466 

of expertise and comment on any opportunities, challenges, or actions that they or their department may 467 

consider in response to their involvement on this project. Table A3.2 in Appendix 3 details the codes 468 

and sub-codes reviewed by each campus partner in advance of preparing these reflections. Below we share 469 

excerpts from the campus partner reflections that address opportunities and challenges relevant to their 470 

respective departments.  471 

Investing in and Scaffolding AI literacy  472 

As had been reported in previous studies, students had a generally positive outlook on genAI (Lozano 473 

and Blanco-Fontao; Sanchez-Ruis et al.) and only a cursory awareness of ethical issues, accuracy 474 

concerns, and potential negative impacts to learning in the first year (Feldman & Cherry, 2024). Students 475 

found genAI helpful for coursework, despite an awareness of these limitations, and nearly half of the 476 

students surveyed had already used it by week 2. Guidance from instructors was limited and most 477 

students indicated a desire for more via course syllabi, online modules, or the learning management 478 

system. In particular, students expressed the need for education on how to use genAI tools and properly 479 

cite their use to avoid cheating and plagiarism. Students appear to be receptive to guidance in the first 480 

semester and novice with regard to the available tools and uses. It is also likely that students have not yet 481 

experienced the stress of multiple or high-stakes assessments and have not yet been tempted to use genAI 482 

in academically dishonest ways. Therefore, AI literacy interventions could be best suited, early in 483 

students’ academic experience and reinforced (scaffolded) throughout the curriculum, as appropriate for 484 

the discipline. 485 



 

 

Students shared expectations that faculty, librarians, administrators, and program directors 486 

educate them about how to use genAI appropriately in higher education to enhance their learning and 487 

get them career-ready. It is appropriate for students to look to these groups to develop a systemic, 488 

comprehensive AI literacy curriculum, which they believe will enhance learning, reduce cheating, and 489 

address other inappropriate uses that hinder learning. Clearly, universities and colleges need to take 490 

coordinated action, but even these first-time, first-year students recognize the challenges of doing so, 491 

with one team noting it will “most likely be costly” and will need to be “thorough and user friendly” to be 492 

“truly impactful.”   493 

The different suggestions for when and how students would be required to learn about genAI—494 

through a preorientation module, in a general education course, in courses that pertain to their fields of 495 

study, through library workshops—are all appropriate. This range further highlights the challenge 496 

institutions face in determining how to reach all students at different stages of their journey and at point 497 

of need (Jacques et al., 2024; Toker Gokce et al., 2025). Mandating scaffolded instruction at different 498 

points in a student’s path is beyond what the project partners have in their control or capacity to deliver. 499 

However, we can share the findings of this project, find new opportunities to engage the campus 500 

community with our resources, and continue to amplify the need for a coordinated approach and 501 

framework for AI literacy on our campus.  502 

Since no course or orientation can address all the nuances of genAI, adopting a shared AI-L 503 

framework would help our faculty, departments, and the larger institution scaffold our instruction 504 

appropriately from foundational knowledge and skill to more advanced abilities relevant to students’ 505 



 

 

disciplines and path toward graduation. Any framework we adopt should also consider the need for 506 

ongoing assessment of students’ AI-L which Hornberger et al. (2023) found lacking in the existing 507 

literature but important since educators need to design instruction based on students' prior knowledge 508 

and to improve instruction based on whether it has been effective. It will take time and leadership to 509 

guide campus stakeholders to a consensus on an AI-L framework and its place in our General Education 510 

curriculum and beyond since established curricular processes move much slower than technological 511 

innovation. 512 

 Academic Integrity and Policy Issues 513 

Academic integrity was a minor but pervasive theme throughout the project. Students commented on 514 

fairness, cheating, equity, and policy enforcement in surveys and project presentations, where there were 515 

no direct questions or prompts about academic dishonesty specifically. While few studies have focused 516 

on academic integrity specifically, ethics, including concerns over fairness, is a driving force of AI policy 517 

creation (Jacques et al., 2024). As reported by Rajabi et al. (2023), students are seeking clarity on policies 518 

and consequences so that they can adjust their learning strategies accordingly. They expect fairness in the 519 

setting of policies as well as appropriate and consistent enforcement. Students also indicated that they 520 

may be more inclined to use genAI tools, against course policy, if other students were using them without 521 

consequence.  522 

Concerning the shape that genAI policies might take, there was no consensus about whether a 523 

policy should be for all assignments, or whether a policy should be course-specific, department or major-524 

specific, or university-wide. There did seem to be agreement across teams that there should be clear 525 



 

 

guidelines about when and how genAI can be used, and that there should not be a blanket policy banning 526 

AI use due to the potential benefits for learning and the need for students to be literate in the technology 527 

for career development. 528 

This indicates that most students aligned with the recommendation by Dabis and Csáki (2024) 529 

that institutions use “soft enforcement” of AI policies over punitive responses, include AI policy 530 

information in syllabi, and allowing faculty autonomy for setting course and discipline-specific policy 531 

on when and how they use genAI for teaching. This approach is consistent with the current academic 532 

integrity policy at our institution insofar as it relies on faculty to define what is or is not acceptable in 533 

their classes. However, soft policies like this will be most successful and feel fair to students only if all 534 

critical ingredients are in place (AI literacy, faculty development, course policies, enforcement). As 535 

campus-wide discussions on AI literacy and curricular integration progress, we will continue to evaluate 536 

campus policies through an “AI lens” (Natanagara, 2024).  537 

Peer Learning, Writing, and Tutoring Services 538 

One goal of this civic learning project was to help engineering and mathematical sciences students build 539 

teamwork skills, which aligns with the emphasis in STEM fields on peer collaboration for creating 540 

knowledge and solving real-world problems. It is striking, then, that even though students who 541 

participated in the project reported learning about more ways to use genAI to enhance their learning 542 

from interviewing peers, most of their recommendations overlooked learning with and from peers as a 543 

component of a comprehensive AI literacy curriculum, with the exception of one team who thought 544 

that AI could “be used within tutoring centers to help relieve the pressure on student tutors.” This suggestion 545 



 

 

points to a welcome middle ground that addresses some of the concerns that peer tutors and the directors 546 

of tutoring programs at our institution have expressed about overreliance on genAI potentially reducing 547 

the frequency with which students seek peer support and possibly weakening students’ critical thinking, 548 

writing, and information literacy skills. Lindberg and Domingues (2024) report that early fears among writing 549 

center administrators that genAI will replace undergraduate tutoring have not been justified and administrators’ 550 

attitudes appeared to shift from 2023 to 2024 from mostly negative to more pragmatic.  551 

Students throughout the project reported use of genAI for tutoring, supplemental instruction, 552 

text proofing, and other writing and studying assistance, even as they noted some limitations. Baidoo-553 

Anu and Ansah (2023) found benefits of genAI to include personalized, interactive, and adaptive 554 

learning, but they also identified many drawbacks, including lack of human interaction, limited 555 

understanding, lack of contextual understanding, and limited ability to personalize instruction. Essid 556 

(2023) responds to concerns about AI replacing humans with algorithms by emphasizing that learners 557 

benefit from the metacognitive questioning, active listening, and instruction in principles of fair use that 558 

writing tutors can provide and which are not yet afforded by AI writing tools. The majority of writing 559 

center administrators participating in the study done by Lindberg and Domingues (2024) indicate that 560 

genAI will change the way that tutors are trained. 561 

In this project, students were appropriately looking to instructors, faculty, departments, and 562 

programs to provide policies and guidance. But as this project has shown, activities can also be designed 563 

to help peers learn together and from each other. As genAI evolves, so must the education about genAI 564 

provided to peer tutors to help them coach students to make ethical, appropriate, and informed 565 



 

 

decisions. Students should find that writing tutors and subject-area tutors have been prepared to provide 566 

guidance and support for using genAI to enhance their learning and promote their rhetorical agency. 567 

Tutors are often trained to serve as higher education “cultural informants” (Eckstein 2018) who 568 

share their rhetorical, cultural, linguistic, and disciplinary knowledge with other students. Shortly after 569 

ChatGPT was released, writing tutor education at our institution expanded to include information 570 

about genAI and opportunities to explore AI writing tools while reflecting on uses that might enhance 571 

or hinder learning and agency. Writing tutors contributed to the guidance our writing center provided 572 

online and in person for students about how genAI works, what some limitations and benefits are, and 573 

how to harness it to help develop effective writing processes without cheating, plagiarizing, or hindering 574 

the development of writing and information literacy skills. Establishing clearer institutional and course 575 

policies, adopting an institutional AI literacy framework, and scaffolding instruction across the 576 

curriculum would potentially make the work peer tutors do even more beneficial to students.    577 

Libraries and Information Literacy  578 

Students are using genAI for simple information queries and tasks – as advanced search engine 579 

(Ogunleye et al., 2024) – for checking facts, summarizing, explaining questions. This continues the trend 580 

of students finding basic information online rather than obtaining assistance from library Reference 581 

services. It is convenient, efficient, and follows practices in most workplaces. At the same time, students 582 

are evidently using genAI for more complex queries and tasks. This presents questions and concerns, as 583 

many students in this and other studies have recognized (Bikanga Ada, 2024; Feldman & Cherry, 2024). 584 

One team reported the use of genAI for compiling sources – a small number but confirmation of a major 585 



 

 

issue for students’ engagement with academic publications given the limits of genAI content, the 586 

presence of algorithmic biases, and the possibility of hallucination at the time of this study. Students' use 587 

of genAI for finding sources also detracts from their development of robust information seeking skills – 588 

an important workplace skillset for professional practice and especially for any students who might 589 

pursue graduate studies. This problem mirrors the acknowledgement by many students of the "threat 590 

that AI poses to students [sic] critical and original thinking.”  591 

Several student teams recommended that the library, among other units, meet the need for 592 

instruction in AI. This fits with the University library’s view that several aspects of AI literacy align with, 593 

or extend from, information literacy instruction writ more broadly. Most recommendations for library 594 

AI instruction were not specific, for example, library AI instruction was framed as "how to use it 595 

properly", and "benefits" and "limitations." Specific recommendations, which have been echoed in other 596 

studies on AI literacy (Annapureddy et al., 2025; Hervieux & Wheatley, 2024; Lozano & Blanco Fontao, 597 

2023), included understanding limitations and the risks of inaccuracy; summarizing or clarifying 598 

complex texts or language; generating overviews; understanding how to integrate AI-generated 599 

information in one’s work ethically, and how to fact-check and critically evaluate AI-generated 600 

information. These aspects of information literacy have been key elements of library instruction on 601 

source evaluation in the era of fake news and misinformation but may be taking new importance in the 602 

age of AI. This recommendation begs the question of why students (or anyone) would use genAI sources 603 

if they know the outputs should not be trusted?  Perhaps it highlights the pressure that many students 604 

feel upon entering rigorous STEM curricula and reflects an assumption that genAI tools will become – 605 



 

 

if they are not already – the primary information-seeking resource for many students, even dislodging 606 

Google as the default point of enquiry.  607 

Implications for Faculty and Faculty Development 608 

Among the most valuable aspects of our data is its reflection of student experiences across campus at a 609 

single moment in time. Most instructors understandably focus on their own courses as a point of 610 

connection to students, and often have little prompting to consider how their own course policies and 611 

expectations compare or contrast to those in other departments. As for all users of technology, 612 

instructors exist on a spectrum of early adopters to cautiously curious to fully reluctant. However, 613 

professional development is equally important for all. For fully reluctant users, professional 614 

development provides insight to the ways that genAI could undermine their teaching goals and identify 615 

ways to adapt even if they choose to avoid it for pedagogical purposes.  616 

Students are aware that a one-size-fits-all campus policy is likely unrealistic, given disciplinary 617 

differences. They often demonstrate a nuanced understanding that genAI use can be contextual and 618 

more-or-less appropriate, whereas many faculty conversations on campus have centered more on a 619 

bifurcated approach: should I allow students to use AI in this course or not?  It is clear that faculty 620 

development programs need to focus on how faculty can communicate transparently with students 621 

about the possibilities and challenges around genAI in any given course. More connections across 622 

campus – involving tutoring centers, teaching centers, and the libraries – will support faculty as they 623 

learn more about genAI and how to guide students in their developmental trajectories. Faculty 624 



 

 

development programs can be a hub for such engagement, particularly as a site where frameworks for AI 625 

literacy are shared and evaluated with attention to disciplinary contexts and student development. 626 

Limitations and Recommendations for Future Studies 627 

Jacoby (2015) identified ten steps for developing cocurricular service-learning experiences, which are a 628 

useful guide for planning projects like ours. A key step relevant to this study is how to define a project 629 

scope that is academically appropriate and of value to the project partner(s). In this project, the project 630 

scope was intentionally broad to learn as much as possible on a range of topics related to genAI. 631 

Although genAI was introduced to students in the context of academic integrity in week 2 of the 632 

semester, students did not work on the project until after the mid-point of the semester. As a one-credit, 633 

large enrollment course, contact time was limited. Scaffolding of project research was spread across basic 634 

collection and citation of references and interview skills. As a result, student research relied mostly on 635 

campus interviews rather than in depth background research on genAI writ large. While this does not 636 

make the student recommendations less valuable, it does highlight opportunities to adjust the project 637 

design and scaffolding for future civic-learning projects. It is important to take stock of what is or is not 638 

feasible, considering student preparedness and contact time within the project. Where contact time is 639 

limited, we recommend providing students a curated list of sources to jump-start their research.  640 

We also undertook a relatively lengthy qualitative analysis to identify nuances in student 641 

perspectives and experiences. This required input from undergraduate research assistants (authors 7 and 642 

8) and, at times, the campus partners themselves. While we believe this level of partner engagement with 643 

the data led to a deeper understanding of student recommendations, a more narrowly defined project 644 



 

 

for a first-year class, or a similarly broad project for an upper-level research methods class, may not require 645 

the same depth of analysis by the partners themselves. For example, civic learning instructors and 646 

partners could focus a first-year project only on campus AI policy, take more time developing students’ 647 

research skill, and rely solely on the reports or presentations delivered by the students without the need 648 

for further analysis. Below are key questions that we have identified to help instructors and project 649 

partners plan projects like this and balance student preparedness, contact time, and partner needs:  650 

• What are the goals of the campus partner? What are they hoping to learn? 651 

• Who are the students (class level, research skill, AI literacy)?  652 

• What are the course or project learning goals for the students?  653 

• How much time is available for students and partners to work on the project? 654 

• What materials or training will students need to achieve the learning goals?  655 

• What will students need to know / do to get started on the project?  656 

• What intermediate activities or assessments will support students’ progress? 657 

• What are the touch-points between the students and project partner(s)? 658 

• What is the final deliverable for the students? 659 

• What is the final product for the partner (if different)? 660 

• How will students and project partners reflect on their learning and participation 661 

throughout the project? 662 



 

 

Conclusions  663 

The civic learning project described in this case study engaged 44 students and 19 teams in an interview-664 

based research project to learn how students, faculty, and staff used genAI on campus in fall 2024. Insight 665 

to faculty and staff perspectives were limited, however students gathered a wide range of insights on 666 

genAI use, perspectives, and recommendations from their peers. We learned that students expect 667 

instructors to be AI-literate, both for teaching and for applications within their discipline, and for 668 

instructors to clearly articulate policies in every class. Students also expect coordination of policies and 669 

resources across campus, including comprehensive, practical, accessible, equitable, and discipline-670 

specific AI literacy training.  671 

Nearly half of first year students surveyed had some experience using genAI for coursework and a 672 

cursory awareness of its benefits and limitations in the second week of college. The students that engaged 673 

in the civic learning project expressed more caution toward genAI at the end of the semester and 674 

expressed a desire for more training thereafter. The campus partners identified several opportunities and 675 

challenges based on the student recommendations, including support for peer tutoring, information 676 

literacy, academic integrity, and considerations for campus-wide policy and AI literacy frameworks. We 677 

recommend that instructors interested in this approach consider additional scaffolding to support 678 

student research and define the scope of the project as appropriate for the available time, resources, and 679 

needs of the campus partner(s).  680 
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Appendices 764 

Appendix 1. Civic Learning Project Guidelines Provided to First-year Students. 765 
 766 

General Guidelines 767 

Project Summary 768 
The goal of the project is to better-understand student, faculty, and staff perspectives on use of 769 
ChatGPT and other Artificial Intelligence tools in the classroom and in the workplace at [the 770 
university]. Following the completion of Introduction to AI Literacy modules, students will choose 771 
one group to focus on (students / faculty / staff) and conduct a series of interviews that explore how 772 
individuals are currently using AI, including specific use cases, course policies, and potential benefits 773 
and draw-backs. Students will record interviews, transcribe, and identify major themes in the interview 774 
responses. A summary of findings will be presented during the final poster presentation session for the 775 
course.  776 

Project Requirements 777 
All projects must include the following components in the final poster presentation: 778 

1. Background 779 
a. Describe the goals of the project – what you are trying to understand / accomplish with 780 

your analysis? 781 
b. Describe the group that your project will focus on (Student, Faculty, Staff). Cite specific 782 

academic program(s) and course(s) as necessary.  783 
c. Describe the use-cases that the project will focus on: teaching and learning, campus 784 

operations, administrative tasks, etc.  785 
d. Describe the specific tools that the faculty/ staff/ peers have used, e.g., ChatGPT, Bard, 786 

Claude, etc. and examples of how those you interviewed are currently using them.  787 
e. Describe any policies or guidance concerning the use of these tools at [the university] or 788 

other institutions 789 
 790 

2. Methods  791 
a. Describe the group you interviewed (students / faculty / staff), why you chose this group, 792 

and the number of interviews conducted. 793 
b. Provide a list of the questions you used in the interview. They should be similar across 794 

interviews. 795 
c. Describe process for recording, transcribing, and summarizing interviews, including 796 

specific devices, software, or platforms used for the analysis (See Interview and Data 797 
Analysis Guidelines). 798 

d. Detailed instructions for each group [Student / Faculty / Staff] are provided below: 799 



 

 

i. Student Perspectives 800 
1. Interview at least 5 students (not in your team) 801 
2. Describe student major and year in major, otherwise keep anonymous  802 
3. Record the interviews using a phone or other device (e.g., Voice Memos), 803 

save the files, and transcribe using the transcription tool in MS Word. You 804 
will need to submit all transcripts/audio files with your final project. 805 

4. Identify major themes in the interview responses and summarize (See 806 
Interview and Data Analysis Guidelines).  807 

5. Interview questions for students can be modeled after those provided in 808 
the Module 2 Survey: Student Use of AI assignment. 809 
 810 

ii. Faculty Perspectives  811 
1. Interview at least 3 faculty (See Interview and Data Analysis Guidelines) 812 
2. Describe faculty department(s) in final presentation, otherwise keep 813 

anonymous 814 
3. Record the interviews using a phone or other device (e.g., Voice Memos), 815 

save the files, and transcribe using the transcription tool in MS Word. You 816 
will need to submit all transcripts/audio files with your final project. 817 

4. Identify major themes in the interview responses and summarize (See 818 
Interview and Data Analysis Guidelines).  819 

5. Example questions for faculty: 820 
a. What is your policy on use of AI in your course(s)?  821 
b. Are your GenAI policies described in the syllabus? 822 
c. How are you using (directing / allowing / encouraging / 823 

nurturing) GenAI in the course(s) you teach currently, if at all?   824 
d. What guidance do you give to students on how to use ChatGPT or 825 

other AI tools? 826 
e. In your opinion, what are the potential benefits of ChatGPT or 827 

other AI tools? 828 
f. In your opinion, what are the potential draw-back of ChatGPT or 829 

other AI tools? 830 
 831 

iii. Staff Perspectives 832 
1. Use the provided interview/survey questions or write new questions of 833 

your own to learn more about staff perspectives on AI. 834 
2. Interview at least 3 staff members (See Interview and Data Analysis 835 

Guidelines) 836 



 

 

a. NOTE: Tutoring Center and Writing Center tutors are students 837 
and not staff. Please do not use tutoring appointments to schedule 838 
interview meetings. 839 

3. Describe the college or department the staff members works in, otherwise 840 
keep anonymous. 841 

4. Record the interviews using a phone or other device (e.g., Voice Memos), 842 
save the files, and transcribe using the transcription tool in MS Word. You 843 
will need to submit all transcripts/audio files with your final project. 844 

5. Identify major themes in the interview responses and summarize (See 845 
Interview and Data Analysis Guidelines).  846 

6. Example questions for staff 847 
a. How, if at all do you use ChatGPT or other AI tools in your 848 

current work?  849 
b. If you do use it, how do you think ChatGPT or other AI tools 850 

improve your work? 851 
c. Have you noticed any limitations or challenges to using ChatGPT 852 

or other AI tools in your work? 853 
d. If you haven’t used these tools directly in your work, what have you 854 

heard of their use from colleagues? 855 
e. How do you think ChatGPT and other AI tools will change the 856 

future of the workplace? 857 
f. How do you think ChatGPT and other AI tools will change the 858 

future of education? 859 
 860 

3. Results 861 
a. Follow the Interview and Data Analysis Guidelines for interview analysis (below). 862 
b. Summarize what you learned from the interviews using these guiding questions: 863 

i. For each question asked, what were the common themes/perspectives among the people 864 
you interviewed? 865 

ii. For each question asked, what were the contrasting themes/perspectives among the 866 
people you interviewed? 867 

c. Summarize the benefits and limitations of ChatGPT and other AI tools as perceived by the 868 
students / faculty / staff you interviewed. 869 

 870 
4. Recommendations 871 

a. Provide your team’s final recommendations, using the following questions as a guide: 872 
i. Should students be allowed to use AI tools for their coursework? Why or why not? 873 



 

 

ii. Should AI literacy be embedded in university curricula and/or in the workplace? 874 
Why or why not? 875 

iii. What are some potential ethical considerations for the use of ChatGPT and AI tools 876 
in education and/or the use-cases you explored? 877 

iv. What specific tools or guidance would be the most helpful for students, faculty, and/or 878 
staff at [the university]on using these tools? 879 

b. Recommendations should be based on the evidence that your team collected in the 880 
interviews and be supported by the background research that your team completed on the 881 
topic (e.g., Research and Bibliography assignments). Any recommendations made by your 882 
team should be clearly supported by what you learned over the course the project, rather 883 
than based solely on personal opinions. 884 

c. Cite your evidence (interviews or background research) in APA Style, following the 885 
guidelines described in the Bibliography assignment and below. 886 
 887 

5. Bibliography 888 
a. Each time you use an image that is not your own, describe an interview, or describe any 889 

background information that is not your own (for example, taken from a webpage, article, or 890 
book), you must provide an in-text citation and corresponding reference in the Bibliography. 891 
This signals to your instructors, peers, and project partners that your recommendations are 892 
grounded in evidence and demonstrates that you have conducted the research yourself. 893 

b. All references cited throughout the poster should be listed in the Bibliography section and 894 
conform to APA Style https://apastyle.apa.org/style-grammar-guidelines.  895 

c. References could include the interviews themselves, background research, non-original 896 
images pulled from the internet, or ChatGPT or other AI tools used for the project itself. 897 

d. APA Style recommends that each interview be cited separately as a personal communication 898 
following: https://www.scribbr.com/apa-examples/personal-communication/  899 

e. APA Style recommends that any use of ChatGPT or other AI tools for brainstorming, 900 
research, writing, or other purposes be cited following: https://apastyle.apa.org/blog/how-901 
to-cite-chatgpt  902 

 903 
 904 

Interview and Data Analysis Guidelines 905 
 906 

1. Choosing a Group to Interview: Peers, Faculty, or Staff? 907 
It is up to your team to decide which group to interview, and you will need to explain why you 908 
chose a particular group in your final presentation. If you are unsure of which group to choose, 909 
consider the following questions: 910 

https://apastyle.apa.org/style-grammar-guidelines
https://apastyle.apa.org/style-grammar-guidelines
https://www.scribbr.com/apa-examples/personal-communication/
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Which group do you know the least about? Choosing a group that you are less familiar with could 911 
lead to some interesting discoveries and insights. 912 

Which group could be using AI tools in a specific or unique way? Or in a way that you are less 913 
familiar with? For example, you might be curious about how facilities staff use AI in their day-to-914 
day work. Choosing a group on this basis might allow you to learn whether and how AI tools are 915 
being used in specific operations on campus. 916 

Do you have a specific question or areas of interest that draw you to one group or another? For 917 
example, are you curious about how librarians are using AI and guiding the campus community in 918 
its use? It would make sense to focus your interviews on library staff in this case. 919 

2. Finding People to Interview 920 
[The University] is home to several colleges (academic unit), programs, and departments. Most 921 
faculty are affiliated with an academic unit. Beyond the academic units, there are separate divisions 922 
that are responsible for faculty affairs, student affairs, facilities, research, and finance. Staff may be 923 
affiliated with a specific academic unit or a division. Below is a list of [University] academic units 924 
and divisions. You can use these links to learn more and to identify faculty and staff to interview: 925 
• Academic Units (links to each college / school removed for publication) 926 
• University Offices and Divisions (links to each office / division removed for publication) 927 
 928 

3. Requesting and Preparing for the Interviews 929 
Please reach out directly to the people you have identified to request an interview. Plan, knowing 930 
that it may be a couple of weeks between scheduling and conducting the interview. Avoid using 931 
online appointment bookings for the offices that have them (e.g., Undergraduate Writing Center, 932 
Tutoring Center), as those appointments are meant for student support and not interviews for this 933 
project.  934 

To request an interview, you can call an office number, stop by, or write a professionally 935 
formatted email. Make sure to explain what you are requesting, provide a bit of background on the 936 
class project and the types of questions you will be asking, and specify the amount of time needed. 937 
Let them know that you would like to take an audio-recording of the interview and ask them to 938 
confirm whether this is OK. In person interviews are encouraged, but remote meetings are 939 
acceptable if that works better for the person you are interviewing. Offer to send a meeting invite 940 
using MS Teams so that the time is saved on the person’s calendar or ask them to hold the time on 941 
their calendar so that they don’t forget. 942 

In preparation for the interview, compile the questions you will ask and estimate the amount of 943 
time it will take, assuming 2-3 minutes for each response. Aim for 15-20 minutes per interview. 944 
Create contingencies if some questions take longer than expected and you need to cut questions 945 



 

 

for time. Consider placing the most important questions first, and the ‘it would be nice to know’ 946 
questions toward the end.  947 

Determine how you will record the interview in advance of the meeting. We recommend using a 948 
voice memo app and exporting the audio file to mp4a or similar. This filetype can then be 949 
imported into Microsoft Word’s Dictation tool and transcribed into text (you will need to upload 950 
the interview transcripts as part of your project). This option is recommended as it will leave you 951 
with the original audio, which you can check if parts of the AI-generated transcript are unclear. 952 
Alternatively, you can open Microsoft Word during your meeting and use the Dictation tool, 953 
which will transcribe voice to text in real time. This option is acceptable, but you are encouraged to 954 
review the transcript soon after the meeting to correct any transcription errors. In both cases, please 955 
test the approach before the interview, to make sure the technology is working as expected. If the 956 
person you plan to interview is not comfortable with being recorded, plan to bring your laptop for 957 
note-taking in real-time. In this case, at least two people from the project team should attend so 958 
that one person can be asking the questions and the other can be typing responses. 959 
 960 

4. Conducting the interviews 961 
It is important to respect the time of the people you are interviewing by arriving a few minutes 962 
early and ending promptly once the scheduled time is up. When you arrive, introduce yourself / 963 
your team and thank the person for taking the time to meet. Remind them of the goals of the 964 
project – to learn about different peoples’ perspectives and experience with AI tools on campus – 965 
and the specific goals of your group.  966 

Confirm that it is OK to begin recording. After starting the recording, ask them to state their 967 
name, role, and department/unit so that it is captured in the transcript. Then, proceed with your 968 
questions. Watch the time throughout the interview and cut or add questions as needed (See 3. 969 
Requesting and Preparing for the Interviews). 970 

To complete the meeting, stop the recording and thank the person for their time. You can also 971 
share information about the CEMS 1500 Final Poster Presentations and invite them to visit your 972 
poster and those of other teams working on the project on Tuesday December 10, 2024 at 973 
10:30AM – 1:15PM. 974 
 975 

5. Generating and Saving Transcripts 976 
It is recommended that you use Microsoft Word’s Dictation tool to transcribe the interview from 977 
audio into text. In MS Word > Home, click on the Dictate icon. Select “Transcribe” and then select 978 
“Upload audio.” Complete the steps to generate the transcript. Add the following project 979 
information to the transcript before saving: 980 
- Team Number 981 
- Lab Section 982 
- Names of team members present 983 



 

 

- Name of person interviewed 984 
- Title of person interviewed 985 
- College / Department / Office / Division of person interviewed 986 
- Date and time of interview 987 

Upload all transcripts here: (link removed for publication)  988 

6. Interview Analysis  989 
Ultimately, you will have to summarize your findings for the final project based on the qualitative 990 
data that you have collected in the interviews. Below is a simplified set of steps that many 991 
qualitative researchers use to process responses to interview questions. Teams working on this 992 
project are expected to follow these steps for analyzing the questions that you ask and include a 993 
description of these steps in the Data Analysis section of your final poster: 994 

1. Save each transcript as a new file “with comments” and the initials of the person doing the 995 
analysis. You can add your analysis and comments directly to this MS Word document, using 996 
the features in the ‘Review’ tab (example below). 997 

2. Identify at least two team members to do the analysis. Each person will analyze ALL interview 998 
responses independently and then compare notes as described below. The goal is to work 999 
together to build consensus on the themes that are arising in the interview responses.  1000 

3. Work on one question at a time. When you’ve finished analyzing the chosen question in 1001 
Interview #1, move on to Interview #2, and so on. 1002 

4. For a given question: Read through the entire response, paying close attention to the parts of the 1003 
response that directly answer the question. 1004 

5. Highlight the unique parts of the response that you think are relevant and important. 1005 
6. Assign a word or brief phrase to each highlighted chunk. The word/phrase (a.k.a. “Code”) should 1006 

briefly capture what the chunk means to you (Figure A). 1007 
7. Repeat these steps for the same question in the next interview. 1008 
8. When all responses to a given question have been analyzed, review the codes (words/phrases) 1009 

given across all interviews. Note any contrasting or similar responses. Pull out specific quotes 1010 
and examples from the interview transcript that you think capture the perspective and save 1011 
them to include in your poster. Do this for each question in your interview. 1012 

9. Look for common codes across interviews and refine or combine into themes. You will likely have 1013 
codes that you’ve tagged with different words/phrases but that represent the same thing. 1014 
Combine these under one word/ phrase where you can, for example: ‘Big-picture 1015 
understanding’ and ‘conceptual knowledge’ could be combined in ‘Conceptual Understanding’;  1016 
‘Helps with problem-solving’ and ‘How to approach a problem’ could be combined to ‘Problem-1017 
solving approach’.  1018 



 

 

10. Evaluate inter-rater reliability and build consensus. Once both team members have completed 1019 
their analysis independently, trade documents and comment on whether you agree or disagree 1020 
with the codes assigned by the other person. Discuss points of disagreement, further adjust 1021 
codes, and come to agreement on the final themes identified in the interview responses. It is 1022 
these agreed-upon themes that you will include in your summary (next section). 1023 

 1024 

Figure A. Example of annotated interview transcript and development of qualitative ‘codes’.  1025 
 1026 

7. Summarizing your findings (what you learned)  1027 
Create a summary table of the codes/themes you agreed upon in your analysis of each question. How 1028 
you organize the information can vary. Below are a couple examples:  1029 

Interview 
Question 

Common Themes Specific Examples 

What do you 
think are some 
of the benefits 
of using AI 
tools like 
ChatGPT for 
coursework? 

Helps with… 
• Conceptual understanding 
• How to approach a problem 
• Researching / collecting articles 
• New perspectives 
• Brainstorming 

Examples… 
• Writing an essay on 

tariffs and impacts of 
the Trans-Pacific 
Partnership to the U.S. 
economy. 

  1030 



 

 

  1031 

8. Generating Recommendations 1032 
Provide your team’s final recommendations, using the following questions as a guide: 1033 
a. Should students be allowed to use AI tools for their coursework? Why or why not? 1034 
b. Should AI literacy be embedded in university curricula and/or in the workplace? Why or why 1035 

not? 1036 
c. What are some potential ethical considerations for the use of ChatGPT and AI tools in education 1037 

and/or the use-cases you explored? 1038 
d. What specific tools or guidance would be the most helpful for students, faculty, and/or staff at [the 1039 

University] on using these tools? 1040 
Recommendations should be based on the evidence that your team collected in the interviews and 1041 
be supported by the background research that your team completed on the topic (e.g., Research 1042 
and Bibliography assignments). Any recommendations made by your team should be clearly 1043 
supported by what you learned over the course the project, rather than based solely on personal 1044 
opinions. Cite your evidence (interviews or background research) in APA Style, following the 1045 
guidelines described in the Bibliography assignment and in the General Guidelines document. 1046 
 1047 
 1048 
 1049 
 1050 
 1051 
 1052 
 1053 
 1054 
 1055 
 1056 

Interview 
Question 

Interview #1 Interview #2 Interview #3 

What do you 
think are some 
of the benefits 
of using AI 
tools like 
ChatGPT for 
coursework? 

Helps with 
conceptual 
understanding, 
initial problem-
solving, research, 
sourcing articles, 
finding new 
perspectives, 
brainstorming 

Can use it to check 
spelling, grammar, 
and syntax for 
written essays 

There are no 
benefits in my 
opinion. Using 
GPT short-circuits 
learning and I 
don’t see the 
benefit of using it 
for coursework 



 

 

Appendix 2. Week 2 Survey Provided to the First Year Class 1057 

* Indicates question was included in this analysis. 1058 

1. What is your major? [Multiple Choice] 1059 
2. Did you complete Module 2 Skills: Introduction to AI Literacy? [Yes / No] 1060 
3. Have you utilized ChatGPT or other AI tools in your coursework? [Yes / No]* 1061 

If Yes:  1062 

i. How often have you utilized ChatGPT or other AI tools in your coursework? [open 1063 
response]* 1064 

ii. What specific tasks or assignments have you used ChatGPT or other AI tools for in your 1065 
coursework? [open response]* 1066 

iii. Have you found ChatGPT or other AI tools to be helpful in completing your 1067 
coursework? Why or why not? [open response]* 1068 

iv. How has your experience with ChatGPT or other AI tools impacted your learning in your 1069 
coursework? [open response]* 1070 

v. Have you noticed any limitations or challenges with using ChatGPT or other AI tools in 1071 
your coursework? [open response]* 1072 

4. Have you heard of other students using ChatGPT or other AI tools for their coursework? [Yes 1073 
/ No] 1074 

5. In what ways do you think AI tools like ChatGPT improve the learning experience for 1075 
students? [open response]* 1076 

6. In what ways do you think AI tools like ChatGPT limit the learning experience for students? 1077 
[open response]* 1078 

7. How do you think the use of AI tools like ChatGPT will change the future of education? 1079 
[open response] 1080 

8. What are some potential ethical considerations surrounding the use of AI tools in education? 1081 
[open response] 1082 

9. Have you discussed the use of AI tools like ChatGPT in your classes or with your instructors 1083 
(outside of this course)? [Yes / No]* 1084 

a. If Yes: What perspective do your instructors (outside of this course) take on ChatGPT 1085 
and other AI tools? [open response]* 1086 

10. Have you received guidance on how to properly use AI tools like ChatGPT for coursework 1087 
(outside of this course)? [Yes / No]* 1088 

a. If Yes: What guidance have you received on how to properly use AI tools like ChatGPT 1089 
for coursework (outside of this course)? [open response]* 1090 

11. Have you received guidance on how to properly cite the use of AI tools like ChatGPT (outside 1091 
of this course)? [Yes / No] 1092 



 

 

a. If Yes: What guidance have you received on how to properly cite the use of AI tools like 1093 
ChatGPT (outside of this course)? [open response] 1094 

12. How would you like to see AI tools like ChatGPT integrated into your coursework in the 1095 
future? [open response]* 1096 
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Appendix 3. Supplemental Results 1120 

Table A3.1. Select quotes from the Week 2 Survey, Civic-learning Project Posters, and End-of-Semester Critical Reflections. 1121 

Data Source Topic Code Select Quotes 
Week 2 Survey 1. Reasons 

given by 
students for 
why genAI 
is helpful for 
coursework 

Speed and 
efficiency 

• Absolutely, it’s a great resource for being able to skip the monotonous part of college work and 
save yourself many hours of work and struggle 

• You don’t have to search through massive articles to find something. It gives the information you 
are looking for 

Studying / 
Self-
teaching 

• When I need a question explained it’s easy to ask ChatGPT to explain the question so I 
can answer future questions 

• It has made it quicker to digest information specific to what I need  
• I struggle in organizing and generating and revising my own work but I often use it as a 

second set of eyes 
Assignments 
/ Finding 
answers 

• When I’m blanking and can’t think of an idea for a free write, GPT helps out a lot  
• It shows step-by-step ways to complete a problem when the professor isn’t there 
• I have found it helpful in terms of debugging code 
• It thoroughly explained to me how to use the formula, which helped me complete my assignment 

Civic 
Learning 
Project 
Posters 

2. Impact on 
Learning 

Positive or 
neutral 
codes 

• Students have generally found AI tools to be beneficial to their learning as a means of supplemental 
instruction 

• It is clear through our surveying of students that AI can be a positive learning tool when used right 
• AI is a powerful tool, and if used correctly, it can enhance learning, not hinder it 

Negative 
codes 

• Every student interviewed mentioned that AI can have drawbacks to the learning process, used as a 
cheat code to bypass real learning 

End-of-
Semester 
Student 
Reflections 
 
 

3. Project 
learning 

Teamwork • The most important thing I learned by working on this project was the value of sharing ideas. 
During the brainstorming phase, every group member was able to contribute. I think that 
this was the reason we came up with a good proposal. So much thought went into it. 

 Use of AI • Many of the students we interviewed either used AI as a clarification method or didn't use 
AI in their studies. They emphasized how they don't generate their work with AI. Rather, 
they use it to learn material and guide their studies in ways such as summarizing documents 
or extra help with writing without taking the authenticity out of their work (grammar, 



 

 

End-of-
Semester 
Student 
Reflections 
(continued) 

punctuation, help with tone, etc.). This is very important insight for our project partners in 
their effort to create programs for AI policy and education on campus. 

Research 
methods 

• The most important thing I learned/had practice doing, was interviewing someone. I had 
never held such a formal interview with someone before, and I quite enjoyed it. I now feel 
much more confident that I have the skills I need to conduct interviews in the future. 

4. Peer 
learning 

Policy 
impacts on 
students 

• I learned that a lot of students struggle with the fact that the university does not have an 
overarching policy for AI. Some professors have suggested its use as an educational tool while 
others have no support at all for its use.  

• AI is a powerful tool that deserves a place in academia, however it poses a serious threat 
towards students critical and original thinking so must be used and monitored accordingly. 

5. Influence 
on 
behaviors / 
beliefs 

Use of AI • I think this project will make me use AI more critically. It will make me formulate questions in AI 
more concisely and read its answers more carefully. It has also made me aware of the frequency at 
which AI gives the wrong answers, meaning I plan to use AI with more caution in the future. 

Willingness 
to follow 
genAI 
guidelines 

• Yes, I'd love to adopt policy implemented by my professors regarding the use of AI. I 
believe that if professors can become educated on how to best use AI in their classes, I will 
gladly follow their personal rules and guidelines. 

No change • I do not think it will. I have been very mindful about my use of AI, I have attended talks about the 
future of AI in the past and have made an effort to be conscientious about how often and what I 
have used it for. Therefore, while I learned a lot I do not think I will alter my behavior. 

• Not really. I don't use AI to cheat, but I do use it a lot as a tutoring resource, and I don't plan to 
stop using it any time soon. I do worry a lot though, and it's very frustrating that those people who 
are using AI to cheat on all their assignments are allowed to get away with it. 
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Table A3.2 Poster Codes and Sub-codes Reviewed by Campus Partners for their Reflections. 1126 

Campus Partner / Office Codes / Sub-codes 
Center for Student Conduct Use of AI; Academic Integrity; Training & Guidance; AI & Policy 

 
University Libraries Use of AI (all subcodes); Training and Guidance (all subcodes); 

Perceptions of AI (all subcodes); Impact on Learning (all subcodes) 
 

Undergraduate Writing 
Center 

Use of AI, subcodes: AI & Homework/ Assignments; AI & 
Tutoring; 
Training & Guidance, subcodes: AI Literacy for Students; Student 
Expectations; 
AI & Policy, subcodes: Student Perceptions of Existing Policy / 
Resources 
 

Writing in the Disciplines / 
Center for Teaching and 
Learning 

Use of AI, subcodes: AI & Homework/ Assignments; AI & 
Tutoring; 
Training & Guidance, all subcodes 
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