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Background

UVMHN AI Pilot Study
This Spring UVM Health Network 
carried out a double crossover 
Pilot Study wherein 50 primary 
care providers utilized 2 different 
Artificial Intelligence (AI) 
generating note programs to 
evaluate impact on provider 
wellbeing. 
Over a 2-month period, both 
vendors improved provider 
fulfillment at work and decreased 
burn-out. 
Note Quality 
Previous studies have use a 
modified PDQI-9 to include AI-
specific traits such as 
hallucination and bias, and a 5-
point Likert scale1. 

Study Design

• Identified providers enrolled in AI pilot study 

• Located and classified all out-patient, AI-generated notes in 

Epic. 

• A power calculation estimated 46 notes needs for our 

primary analysis and 23 notes needed for our secondary 

analysis 

• We excluded the following types of notes: PE, wellness, pre-

ops, video, well-child checks.

• Randomly (random number generator) selected “y” such 

that an equal percentage of notes from each classification 

category were chosen, and the total sum of notes equals the 

total required to reach desired power. The purpose of this 

was two-fold: first we wanted to ensure our sample set was 

representative of our total note population; second this 

allows for us to engage in follow-up analysis on these sub-

categories.

• For each AI note included in our analysis we used Epic to 

identify the most recent (but prior to the start of the pilot 

study) provider-generated note produced by that AI note’s 

provider, that matched the relevant classification categories 

outlined above

• For note-rating, both raters used our rating tool on a training 

set to identify differences in our rating technique. 

• Each rater evaluated all of the notes in our study set. 

• We analyzed the data to determine how AI-generated notes 

compared to provider-generated notes overall and within 

the classification categories outlined above.
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Results

Note Quality
Results:

Training Set Results Average Score Standard Deviation

Abridge-generated 49.0 2.21

Provider-generated 49.4 3.53

Discussion/Conclusion

Abridge AI generated notes were non-
inferior to provider generated notes.  
Not all AI vendor notes are the same 
quality.
Using generative AI as a wellbeing 
intervention does not impact quality of 
notes. 
Future work includes identifying if this 
quality extends to all note types and all 
specialty documentation.
Utilizing AI to rate medical notes was 
out of scope for this study but may be 
the subject of future studies within 
UVMHN.

Note Generator Average Score Standard Deviation

Abridge 50.0 2.16

Vendor "X" 43.2 2.20

Provider 48.6 2.06

Hypothesis

This study aims to determine the quality of AI-generated notes in 
comparison to Provider-generated notes within UVMHN. We also 
want to determine if there is difference in note quality between 
the two AI scribe programs.
Primary
There is no difference in quality between AI-generated and 
Provider-generated medical encounter notes. 
Secondary
There is no difference between in quality between the Vendor "X" 
and Abridge AI-generated notes.

The means of the note scores from the provider-generated 
notes were compared to those of the AI-generated notes 
using a paired t-test. 

Note Quality 
Categories

Accurate and correct

Thorough

Useful

Organized and 
complete

Comprehensible

Succinct and consider

Synthesized with 
contingency and 
clinical assessment

Internally consistent

Free from 
hallucinations

Free from bias

Readability 

No difference in quality between Abridge-generated 
notes versus Provider-generated notes was detected. 
A difference in quality between Abridge-generated 
notes and Vendor "X"-generated notes was detected; 
specifically, that Abridge-generated note were of 
better quality than Vendor "X"-generated notes. 
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Comparison t-value p-value

Abridge vs. Provider 1.48 0.16

Abridge vs. Vendor "X" 4.92 0.0008
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